The primary aim of this paper is to make available the Fama-French and Momentum portfolios and factors for the UK market to the wide community of UK academic and post-graduate researchers. As Michou, Mouselli and Stark (2007) note, there is no freely downloadable equivalent to the data on Ken French's US website, and this paper is directed at remedying this situation. We depart from the majority of previous UK studies (with the exception of Agarwal and Taffler, 2008) by forming portfolios on 30 th September each year, which we argue is more appropriate for the UK.
Introduction
Our starting point in this paper is the Michou, Mouselli and Stark (2007, hereafter MMS) observation that with the exception of the factors used in the Dimson et al. (2003) study, which covers the period , no UK SMB and HML factors are available on a timely basis. Taking this further, despite the wide-ranging literature on momentum, no Carhart (1997) momentum factors are available for the UK. Perhaps of more concern is that MMS show that no matter which "recipe" for factor construction is followed, none "emerge with a clean bill of health". As the authors note, this suggests that the modelling of abnormal returns leaves room for improvement.
One way of addressing this issue is through the construction of alternative factors.
For example, Gregory and Michou (2009) note that the Al-Horani, Pope and Stark (2003) method of including a research and development factor has potential over the limited period for which data is available. Gregory and Michou also explore whether rolling or conditional estimates of factor models improve the estimation of industry cost of capital. However, an alternative approach for researchers interested in the estimation of long run UK abnormal returns is the use of characteristics matched portfolios. Whilst these are available to freely download and use for the US, along with the Fama-French factors, from Ken French's website:
(http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html), no such characteristics matched portfolio data are available for the UK. Although Stefan Nagel provides some excellent long-run UK data, including the FF factors and 16 size and book-to-market portfolios, back to 1955, these data only run up to 2001 1 . In the spirit of Ken French's free provision of this data to the international academic community, and Stefan Nagel's free provision of a prior UK dataset, our intention is to make the data in this paper freely available to the same academic community for bona fide academic research, and to update this data on an annual basis. Furthermore, by including hand collected data not available in electronic format, we believe that our data is as free from survivorship bias as is possible. The portfolio and factor data in this paper, plus many additional data and Stata routines can be found on http://xfi.exeter.ac.uk/researchandpublications/portfoliosandfactors/.
It was not our intention in this paper to replicate asset pricing tests of our factors, which can be found in MMS. However, we discovered that the combination of September factor and portfolio formation and the replication of the Fama-French portfolios using the FTSE 350 as a cut-off can change the conclusion on the ability of the Fama-French factors to price the 25 size and book to market portfolios, depending on how those portfolios are formed. Furthermore, we find that the inclusion of a momentum factor seems to be capable of pricing 27 portfolios sorted on size, book-tomarket, and momentum. In both cases the Gibbons, Ross and Shanken (1989, hereafter GRS) test fails to reject the null hypothesis of jointly significant intercept terms. However, neither model has the ability to price portfolios sorted on criteria other than those used to form the factors. Furthermore, as in MMS, we can reject the hypothesis that the intercept term is zero for any of these portfolios for both FF and Carhart models. This is important, as simply moving to a Carhart model fails to solve the problem of an inadequate factor pricing model for the UK.
However, we do not examine the information content of the factors, as in Mouselli, Michou and Stark (2008) , although it is important to note that the latter does provide some evidence for an economic interpretation of the HML factor. Neither is it our intention to undertake an analysis of the properties of long run abnormal returns using control portfolios, as in Lyon et al. (1999) . This is an interesting, although demanding, task worthy of a detailed paper in its own right. We leave this for other researchers, but we hope that it is one we can help facilitate through this paper. To encourage such work, we include in our datasets not only the monthly returns to control portfolios, but also the breakpoints for portfolio formation each year. All factors, portfolios and the corresponding cut-offs used in their formation are downloadable from our website. The website also provides links to several Stata modules freely downloadable to use including GRSTEST-module to perform the Gibbons, Ross and Shanken (1989) test, FMTEST-to perform the Fama-MacBeth (1973) two-pass CSR test with rolling or non-rolling betas and Shanken (1992) EIV adjustment and HALLT-SKEWT-to perform bootstrapped skewness adjusted t-statistic written by one of the co-authors .
Data and method
Our data sources involve cross-matching company data from the following data bases:
The Fletcher, 2001; Fletcher and Forbes, 2002; Hussain et al., 2002; Liu et al., 1999 and Miles and Timmerman, 1996) use the median of all firms. In this paper, given the importance of considering the investable universe, and given the weight of the evidence in MMS, we follow the largest 350 firms method found Gregory et al. (2001 Gregory et al. ( , 2003 and Gregory and Michou (2009, hereafter GM) . However, we also provide data using the alternative Dimson et al. (2003) 70 th percentile breakpoints.
An excellent and detailed review of the methods used in UK portfolio construction can be found in Michou et al. (2007) .
In detail, we form our portfolios as follows. Using our proxy for the Fama-French NYSE cut-off we use the median firm in the largest 350 companies (excluding financials) by market capitalisation for the size breakpoint, and use the top 350 firms to set the cut-offs for the book-to-market portfolios. For the FF factors we form the following six intersecting portfolios, where "S" denotes small, "B" denotes big, and "H", "M" and "L" denotes high, medium and low book to market respectively: S/H; S/M; S/L B/H; B/M; B/L. The usual SMB and HML factor portfolios (see below) are then formed using the universe of UK main-market stocks for which market capitalisation, returns, and book-to-market ratios can be constructed from any of Datastream, Hemscott, the LSPD or the hand-collected data from Gregory and Huang (2009) . Following the logic in Agarwal and Taffler (2008) , who note that 22% of UK firms have March year ends, with only 37% of firms having December year ends, we use March year t accounting data and end of September year t market capitalisation data. The portfolios are formed at the beginning of October in year t and financial firms are excluded from portfolios, as are negative book-to-market stocks and AIM stocks. Exactly as described on Ken French's website, the factors are constructed using the 6 value-weighted portfolios so that SMB is the average return on the three small portfolios minus the average return on the three big portfolios, whilst HML is the average return on the two value portfolios minus the average return on the two growth portfolios. For the market return, Rm, we use the total return on the FT All Share Index, and for Rf, the risk free rate, we use the one month return on Treasury Bills.
We form the momentum factor based on the methodology described on the Ken
French's website as follows. We use six portfolios formed on size and prior (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) returns to construct UMD. The portfolios, which are formed monthly, are the intersections of 2 portfolios formed on size and 3 portfolios formed on prior (2-12)
return. The monthly size breakpoint is our proxy for the Fama-French NYSE cut-off 5. 27 (3x3x3) sequentially sorting on size, book-to-market and momentum portfolios, using the size, BTM and momentum -• 3 Size portfolios -2 portfolios formed from the largest 250 firms + 1 group from the rest • Then within each size group we create 3 B/M groups.
• Then within each of these 9 portfolios we form 3 momentum groups.
6. 5 size portfolios -4 portfolios from the largest 350 firms + 1 from the rest 7. 5 simple quintile size portfolios 8. 10 simple decile size portfolios; 9. 5 book-to-market (BTM) portfolios-formed from B/M of the largest 350 firms 10. 5 simple quintile BTM portfolios 11. 10 simple decile BTM portfolios; 12. 1 portfolio of negative book to market stocks.
In particular, we emphasise that our choice of partitioning the size portfolios on the basis of the largest 350 stocks is designed to capture the investable universe for institutional investors. Our conversations with practicing fund managers and analysts suggest that large international investors may view the opportunity set of UK firms as comprising the FTSE100 set of firms at best. Thus we define "large" firms as being the upper quartile of the largest 350 firms (or 70 th percentile using the DNQ cut-offs) by market capitalisation. "Small" becomes anything not in the top 350 firms.
However, note that we also form the "Alternative 350 group", "DNQ group" together with simple decile and quintile portfolios for both size and book-to-market for those who believe that alternative definitions of size and book to market are more appropriate.
Our decision to include only Main Market stocks follows Nagel (2001) and DNQ.
However, we note that there has been a major change in the number of firms listed on 
Factor results
First, in Table 1 , we report the summary statistics for our factors. French formation rules for the momentum factors does induce a significant negative correlation between UMD and HML factors. This is not surprising, as by construction the UMD factor is designed to isolate the small firm, but not the book to market, effect. Last, note that the skewness of SMB and HML factors is not significantly negative using either DNQ or GHM formations, but UMD and RMRF factors exhibit significant negative skewness at the 1% level. All factors show significant levels of kurtosis at the 1% level.
Having shown that DNQ factors look very similar to GHM factors, we now drop the former from our analysis for the remainder of the paper, but all of the DNQ factors and portfolios are downloadable from our website.
In Panel C, we show that end-September formation produces SMB and HML factors with means that are not significantly different from those that arise using end-June formation. Parametric and non-parametric tests again confirm that the differences are not significant. Note, however, that there are differences in skewness and kurtosis that result from the shift in formation dates. The end-June (GM) formation gives rise to an SMB factor which is significantly negatively skewed. Intriguingly, the end-June portfolios exhibit substantially greater levels of kurtosis. Note also that whilst significant, correlations between factors reported in Panel D are considerably lower than those reported in Panel B. This suggests that formation date has a more important impact on the factors than switching formation methods from GHM to DMS approaches. Last, note that by construction the WML factor of GM is different from the UMD factor. GM construct a factor purely on the basis of momentum, whereas here we follow the Fama-French procedure described on Ken French's website.
Portfolio summaries
We now proceed to describe the characteristics of the portfolios described above. For reasons of space we do not report these results for the DNQ version of the portfolios, but both these and our "350" portfolios can be downloaded from our website. In Tables 2 -9 , we report the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum for each value-weighted portfolio 3 . We start, in Table 2 , with the six portfolios used to form the Fama-French factors themselves. The first letter in any portfolio descriptor denotes size, and the second the book-to-market category, so for example SL denotes small -low book to market (i.e. "small-glamour" stocks), whilst BH denotes big and high book to market (i.e.
"large value" stocks). Consistent with results reported elsewhere in the literature, the highest returns are recorded by the small value portfolio (132 basis points per month), closely followed by the large value portfolio (129 basis points). The lowest returns are in the small-glamour portfolio (70 basis points). The small glamour portfolio also has the highest standard deviation of returns, the largest inter-quartile range, and the most negative skewness. Note, though, that the portfolio with the lowest standard deviation and inter-quartile range is actually the large glamour portfolio. However, it has substantially more negative skewness and far greater kurtosis than the large value portfolio. Furthermore, the minimum, maximum and median returns are all less than those on the large value portfolio. Table 3 reports results for the value-weighted size decile portfolios. Again consistent with prior research, returns decrease almost (but not quite) monotonically with size.
Risk, as measured by either standard deviation or inter-quartile range, appears not to change much, save for the fact that the largest stock portfolio is less risky. However, skewness tends to become more negative as size increases, at least through the first four size categories. Table 4 shows the returns for ten value-weighted portfolios formed on the basis of book-to-market ratio. The general tendency is for mean returns to increase as we move across from "glamour" (V1) to "value" categories, but the effect is not monotonic. The extreme "value" category records a monthly return of 185 basis points, compared to the extreme "glamour" return of only 68 basis points. Also of note, and in some contrast to the GHM (2003) findings, is the fact that risk, as measured by standard deviation and inter-quartile range, is actually highest in the two highest "value" portfolios. However, these two portfolios exhibit smaller negative skewness and less kurtosis than the two lowest book to market portfolios. Given that we run these portfolios up to December 2008, we suspect that the differences between our results and the GHM (2003) results simply reflect recent economic events, rather than the switch in portfolio formation dates to end-September. Table 5 reports the statistics for the Fama-French size and momentum portfolios. The first letter denotes size, the second the momentum category, so for example SL denotes small -low momentum, whilst BH denotes big and high momentum. The highest returns are recorded by the small-high momentum group of firms (157 basis points per month) whilst the lowest returns accrue to the small-low momentum category (52 basis points per month). All the portfolios exhibit negative skewness and kurtosis, but the highest level of kurtosis (and, indeed, the minimum return and highest inter-quartile range) is found in the large-high momentum portfolio. It is also worth noting that within size categories, "low momentum" stocks appear to have levels of skewness and kurtosis slightly closer to zero than "high momentum" stocks, and also have lower minima and maxima, whilst the lowest risk (in terms of standard deviation and inter-quartile range) are the central (i.e. medium momentum) portfolios. Table 6 gives the summary statistics for the standard five-by-five value-weighted portfolio returns, These are 25 intersecting size and book to market (BTM) portfolios for the "350 groups"-5 size portfolios, with 4 portfolios formed from the largest 350 firms + 1 portfolio formed from the rest, and 5 B/M portfolios -with breakpoints based on the largest 350 firms. In the Table, the first character denotes size, the second the book-to-market category, so for example SL denotes small -low book to market, S2 denotes size and second lowest book to market category, whilst B4 denotes big and fourth highest book to market category, and BH denotes big and high book to market. However, outside the smallest and largest categories, we use three characters, so that, for example, M34 denotes the middle (third) size portfolio and the fourth largest book to market portfolio. The general tendency within size categories is for returns to increase as book-to-market ratio increases, although the effect is not completely monotonic in the medium and largest size categories. The general pattern appears to be for skewness to be more negative and kurtosis to be greater in the "glamour" category than the "value" category within any size group, with the sole exception being kurtosis in the second smallest (S2) size grouping. 4) portfolios formed from the largest 350 firms + 2 small portfolios formed from the rest, and 5 B/M portfolios -with breakpoints based on all firms, rather than the largest 350. The most striking difference, perhaps not surprisingly, is in the smallest category of firms, where there is far less variation by "value" category than wee see in Table 6 . The remaining portfolios (again, not surprisingly) exhibit patterns generally similar to those in Table 6 . Whilst some might find this sub-division of portfolios more appealing, the small portfolio in this version comprises some very small stocks, almost certainly not part of the tradable universe for many investment funds.
Nonetheless, this has a certain utility -for example, in long run event studies we may well be cautious of apparently anomalous results that are mainly driven by this group of firms. However, we caution against simply dividing the UK market into quintiles based on size. A moment's reflection shows why. Over the long run, there are, on average, 1,095 firms (excluding negative B/M stocks) in our dataset (once we have excluded financial stocks). Simply dividing into quintiles ensures that the groups of stocks that are likely to comprise the tradable universe for substantial institutional investors would be concentrated in the largest two portfolios, with the balance, of far less economic interest, being allocated across the three remaining portfolios. Such a distribution seems of limited value. tends to follow a "U" shaped pattern, with the high and low momentum portfolios being more risky than the central portfolios in any size group. However, they do not appear to exhibit more skewness or kurtosis, with the patterns here varying across size groups. One final point is worth noting here. The biggest difference in returns within size groups is, on average, between the lowest and next lowest momentum portfolios.
Our final set of portfolios reported in Table 9 are the value-weighted 27 (3x3x3)
portfolios sequentially sorted on size, book-to-market and momentum. The three size portfolios are two portfolios formed from the largest 250 firms plus one group from the remainder. Then within each size group we create three B/M groups. Finally, from within each of these 9 portfolios we form 3 momentum groups. The first letter denotes size (Small, S; Medium, M; Large, L), the second the book to market category (Low or "Glamour", G; Medium, M; High, or "value", V), and the third momentum (Low, L; Medium, M; High, H). The return patterns here are intriguing, as they suggest a much lower momentum effect when book-to-market is also controlled for. Indeed, within the "small value" set of firms, momentum effects are actually reversed. However, what is striking here is that sequentially sorting, as opposed to forming intersecting portfolios, seems to substantially dampen down any momentum effect. Sequential sorting (within any size category 4 ) has the effect of ensuring each sub-group has equal numbers of firms within it, whereas intersecting portfolios can have quite different numbers of firms within each portfolio. In practice, it emerges that different numbers of firms within sub-categories is only an issue within the smallest market capitalisation quintile, where intriguingly there is a concentration of firms in the low momentum category. Fully 39% of all the smallest quintile stocks fall into this "low momentum" group.
Tests of FF 3-factor and Carhart 4-factor models.
As we noted at the outset, this is not intended to be an asset pricing paper.
Nonetheless, in the spirit of MMS it seems reasonable to run the standard tests of an asset pricing model described in Cochrane (2001, Ch.12) of our Fama-French and Carhart factors on the various portfolios described above. MMS draw attention to the literature on the need to test asset pricing models on alternative portfolios, which is the task we undertake here. In Table 9 we report the results of running the Gibbons,
Ross and Shanken (1989) test, which is an F-test that all the alphas are jointly zeroWe
run this test for our 25 size and B/M portfolios, using both alternatives for the formation rule (that is, dividing the top 350 firms into four groups, or three groups, with the remaining firms comprising the small portfolio or the remaining firms being split into two size groups, the "Alternative 350" group). We also run the GRS test for the size and book to market deciles, the 25 size and momentum portfolios, and the 27 size, book to market and momentum portfolios. The test is run for both the Fama- We show that when the 3-factor model is tested against our 350 formation rule, we cannot reject the hypothesis that the alpha terms are jointly zero, although we can do so simply by switching to the "Alternative 350" definition for the portfolio. This is similar to the MMS conclusion that the null hypothesis can be rejected, bearing in mind the different way in which the portfolios are formed (theirs are size quartile portfolios based on all stocks). However, it is worth noting that this failure to price the portfolios adequately is driven by the smallest stock portfolios, where alphas are significant for four out of the five portfolios. By contrast, it is significant (at the 10% level) for only one out of the remaining 20 larger firm portfolios. As with MMS, once we try testing the three factor model on portfolios constructed on some basis other than size and book-tomarket, we can always reject the null hypothesis. Consistent with the above results, when we try and price the size decile portfolios, the alphas are significant (at the 10% level at least) for the smallest four deciles, but not significant for the largest six deciles. In effect what we see from the F-test is that a lot of the failure to price portfolios gets driven by smaller stocks. Note, however, that once we include momentum in the portfolio construction the p-value from the F-test falls sharply.
In a similar vein, if we run the 4-factor model, we cannot reject the null hypothesis of all the portfolio alphas being jointly zero when we form portfolios on size, B/M and momentum. In addition, we obtain a consistent result to the 3-factor model for the 350 cut-off portfolio. However, in other cases both models fail to price portfolios formed on bases other than those employed to derive the factors, although the result for the "Alternative 350 group" is only significant at marginally over the 5% level.
In Table 11 we show the results from Fama-MacBeth (1973) estimation process using both the assumption of constant parameter estimates (the "Single" regression columns) and rolling 60-monthly estimated betas (the "Rolling" regression columns).
We show results for both three and four factor models, and the estimates are expressed in terms of percent per month. The t-statistics shown are after Shanken (1992) corrections for errors-in-variables problem. The p-values corresponding to these corrected t-statistic are also shown. As we estimate these regressions using excess returns, the intercept should be zero and the coefficients on the factors should represent the market price of the risk factor. Panel A reports the results using our two alternatively defined size portfolios. Note that when we use the 350 size cut-off portfolio, we cannot reject the null hypothesis of pricing errors being jointly zero, yet only the book-to-market factor appears to be priced (using either rolling on constant betas) in either three or four factor models. The intercept terms are always insignificant. Note also that the HML factor premium is around the same level as the average premium recorded in Table 1 . Switching to the "Alternative 350" size definition, we can marginally reject the null on pricing errors using the three factor model, yet now find (consistent with MMS) that the intercept is significantly positive, the market risk premium is significantly negative, SMB is not significant, but the HML factor remains significant. Panel B of Table 11 shows what happens when we apply these tests to the size and book to market decile portfolios. For the book-tomarket portfolios, we can never reject the null of all the pricing errors being jointly zero, and the HML factor is consistently priced, although the coefficient is always above the 0.5% per month from Table 1 . At the 10% level at least, the market risk premium is always priced negatively and the intercept is significantly positive, except in the case of the constant parameter estimates. For the size decile portfolios, we can always reject the null hypothesis of jointly zero pricing errors. For the three factor model, results on the HML factor are sensitive to whether or not rolling parameter estimates are employed, but the intercept is always positive and the market risk premium is always negative. Ironically, given these are size portfolios, SMB is never priced. Using the four factor, or Carhart, model, UMD is significantly negatively priced when rolling regressions are employed. Finally, in Table 11 Panel C, we show what happens when we apply the pricing tests to the 25 size and momentum, and the 27 size, book to market, and momentum portfolios. First, note that we can always reject the null hypothesis of no significant pricing errors. For the size and momentum portfolios, only HML is priced in the 3-fcator model, but the coefficient is large and negative. Employing the four factor model shows that only momentum is priced.
However, when we apply the test to the 27 (3 x 3 x 3) portfolios, we see that the results are highly sensitive to whether constant parameter or rolling parameter estimates are employed. Using rolling (i.e. time-varying) estimates, no factors are significant no matter whether the three or four factor models are employed. When parameters are fixed, we find that only momentum is priced. Note that this evidence is consistent with the recent finding of Bulkley and Nawosah (2009) that momentum can be explained if "high momentum" stocks are simply those with high unconditional expected returns. As the authors point out, a general problem in testing asset pricing models is that any residual pricing errors from the model specified are liable to turn up as momentum.
Conclusion
The results of our asset pricing tests both confirm and extend the findings of MMS by applying tests to a wider set of portfolios over a longer time frame (up to December 2008 as opposed to December 2003) and also by adding tests based on the 4-factor Carhart model. We are able to provide no comfort for those seeking to employ unconditional factor models to explain or analyse the cross-section of UK stock returns. What we do not attempt here is to test whether conditional versions of the factor models might explain the cross-section of returns. One attempt, in Gregory and Michou (2009) shows that conditional versions of the CAPM and three-factor models as employed by Ferson and Harvey (1999) and Fama and French (1997) are unlikely to be the solution. However, conditional versions using the frameworks of any of Jaganathan and Wang (1996) , Llewellen and Nagel (2006) Until a convincing model of UK asset pricing comes along, whilst we caution against reliance on factor models, there is a case for using control firms whose characteristics are matched to those known to be associated with asset returns. This may be viewed as unsatisfactory and atheoretical, as Bulkley and Nawosah (2009) note, but it may also be the pragmatic solution to the dilemma of estimating long run abnormal returns in research. To this end, we offer fellow researchers a reasonable comprehensive set of UK control portfolios, complete with a file identifying the annual cut-offs. This enables the ready cross-matching of any UK firm for which characteristics can be identified with its control portfolio. Whilst, for those who still wish to put their faith in the three and four factor models, we also supply factor estimates, our strong recommendation is that long term abnormal returns for the UK be calculated using characteristic-matched portfolios. Statistics reported are the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum. The first letter denotes size, the second the book-to-market category, so for example SL denotes small -low book to market, whilst BH denotes big and high book to market. Statistics reported are the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum. S1 is the smallest portfolio by market capitalisation, S10 is the largest -0.3498 -0.3128 -0.3188 -0.2806 -0.2392 -0.2627 -0.3066 -0.2237 -0.2298 -0.2962 Statistics reported are the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum. V1 is the lowest market to book ("glamour") portfolio, V10 the highest ("value"). -0.2537 -0.2474 -0.2685 -0.2903 -0.2604 -0.3154 Statistics reported are the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum. The first letter denotes size, the second the momentum category, so for example SL denotes small -low momentum, whilst BH denotes big and high momentum. -0.2606 -0.2812 -0.3285 -0.3194 -0.2784 -0.2832 -0.3260 -0.3435 -0.2891 -0.2384 -0.3099 -0.2023 These are 25 (5x5) intersecting size and book to market (BTM) portfolios for the "350 groups"-5 size portfolios, with 4 portfolios formed from the largest 350 firms + 1 portfolio formed from the rest, and 5 B/M portfolios -with breakpoints based on the largest 350 firms. The first character denotes size, the second the book-to-market category, so for example SL denotes small -low book to market, S2 denotes size and second lowest book to market category, whilst B4 denotes big and fourth highest book to market category, and BH denotes big and high book to market. However, outside the smallest and largest categories, we use three characters, so that, for example, M34 denotes the middle (third) size portfolio and the fourth largest book to market portfolio. Statistics reported are the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum. -0.2790 -0.2153 -0.3062 -0.2769 -0.3133 -0.2818 -0.3194 -0.3455 -0.2950 -0.2408 -0.3005 -0.2066 These are 25 (5x5) intersecting size and book to market (BTM) portfolios for the "Alternative 350 groups"-5 size portfolios -3 portfolios formed from the largest 350 firms + 2 small portfolios formed from the rest, and 5 B/M portfolios -with breakpoints based on all firms. The first character denotes size, the second the book-to-market category, so for example SL denotes small -low book to market, S2 denotes size and second lowest book to market category, whilst B4 denotes big and fourth highest book to market category, and BH denotes big and high book to market. However, outside the smallest and largest categories, we use three characters, so that, for example, M34 denotes the middle (third) size portfolio and the fourth largest book to market portfolio. Statistics reported are the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum. -0.2998 -0.3003 -0.2852 -0.2657 -0.2821 -0.3104 -0.3063 -0.3412 -0.2637 -0.2322 -0.3023 -0.3276 These are 25 (5x5) intersecting size and momentum portfolios for the "350 groups"-5 size portfolios, with 4 portfolios formed from the largest 350 firms + 1 portfolio formed from the rest, and 5 momentum portfolios -with breakpoints based on the largest 350 firms. The first character denotes size, the second the momentum category, so for example SL denotes small -low momentum, S2 denotes small and second lowest momentum category, whilst B4 denotes the largest size quintile and fourth highest book to market category, and BH denotes big and high book to market. However, outside the smallest and largest categories, we use three characters, so that, for example, M34 denotes the middle (third) size portfolio and the fourth largest momentum portfolio. Statistics reported are the mean, standard deviation (SD), inter-quartile range (iqr), skewness, kurtosis, maximum and minimum. 
